Fa2E B2 Ho% X @ K ¥ F IR Vol. 42 No2
2008 4F 2 H JOURNAL OF XI'AN JTAOTONG UNIVERSITY Feb. 2008

AEREWILRNEMERREIRESFE

HEEFT . RSP, SRR, BIE4

(PG AH R TS F B TRBE . 710049, P44)

WE. B3R AXARG AN IRFIE RB T Akt AW AR LR#ITANIFES 2R
W7 k. £ K RARE S ka9 s b, R M T Chi-Square # 4Bk ¥ 7 %, 5F AL R £k T
Chi-Square # £ 454F 5. 7 90, R AR F 2 o3 ik W 500000 A W 2 4533 0 & P 6942 8570 R 69
MEAESINI T HEFET ARG EAREGRR. FB AR, TR I ERL T F A 69 E3E R
&/ SASIRF AT ik, A LA & KA (TREC) #0484 oy 5k AR iZ 4R 4 ) )t TREC
) RIFERREGT 3. 14204 4. 12%.

KEEWE: AR AR 5 EAFE RARL Sk

hESES. TP319 XEFEEM. A XEHS. 0253-987X(2008)02-0171-04

Triage and Annotation of Biological Gene’s Ontology
Combined Controlled Glossary

CUI Shuning, ZHU Danjun, FENG Boqin, ANG Zhengquan

(School of Electronics and Information Engineering, Xi'an Jiaotong University, Xi'an 710049, China)

Abstract: Based on the K nearest neighbor algorithm, an improved method was proposed for se-
lecting genes-related documents from biology literature, and then automatically annotating and
classifying. The method employs the Chi-Square feature selection plan and highlights the Chi-
Square selections in weighted calculations. Furthermore, the effect of classification and annota-
tion was improved by dividing the documents into logical blocks and introducing additional vectors
from biological resources MeSH into the classification algorithm directly., Experiment results
show that the proposed method is better than the commonly used TFIDF (term frequency and in-
verse document frequency) weighting method, and the results tested on TREC (text retrieval
conference) data sets are 3. 14% higher in classification and 4. 13% higher in annotation compa-
ring to the best results announced TREC.
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